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Abstract: The agriculture sector, a linchpin of global economies, finds itself at a crucial juncture where entrenched
traditions intersect with the transformative waves of technology. This research endeavorsto address pressing challenges
within agriculture, chief among them being low yields and the distressing plight of farmers. The proposed solution takes
the form of a neural network-based agricultural yield forecast system, wielding the power of modern technology to offer
innovative pathways forward.Harnessing the potential of a user-friendly smartphone application, the system establishes
direct communication channels with farmers. Leveraging GPS technology, it not only identifies their precise locations
but also captures crucial information vital for precision agriculture. Machine learning techniques, prominently featuring
the Random Forest algorithm, form the backbone of this system. Impressively, it achieves an accuracy rate of 95% in
predicting agricultural yields, marking a significant leap forward in predictive analytics for farming outcomes.This novel
approach seeks to narrow the chasm between conventional farming methods and the rapid strides of contemporary
technology.
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l. INTRODUCTION

The contemporary agricultural landscape finds itself at a crucial juncture, where age-old farming practices intersect with
the forefront of technological advancement. Against the backdrop of a rapidly evolving technological landscape, the
advent of Artificial Neural Networks (ANNs) and Machine Learning (ML) emerges as a transformative force. These
technologies present unprecedented opportunities to address the enduring challenges associated with predicting crop
yields. Given agriculture's pivotal role in the global economy and its foundational support for rural livelihoods, the need
for innovative solutions that enhance productivity and ensure sustainability has never been more pronounced. This
research project assumes the role of a catalyst, aiming to bridge the gap between traditional farming methodologies and
the untapped potential offered by advanced technologies. Specifically, the research is oriented towards unlocking the
powerof ANNs and ML to deliver precise, reliable, and forward-looking predictions for crop yields.

In an era characterized by rapid technological metamorphosis, where the agricultural sector is intricately woven into the
fabric of technological innovations, the significance of Artificial Neural Networks (ANNSs) and Machine Learning (ML)
cannot be overstated. These technologies transcend their status as mere tools; they signify a paradigm shift in our
approach to agricultural challenges. As agriculture serves as a vital pillar in the global economic edifice and a bedrock
of rural communities, the demand for innovative solutions that enhance productivity and sustainability has reached new
heights.

This research embarks on a transformative journey, seeking to harmonize traditional farming practices with cutting-edge
technologies. The research places a laser focus on harnessing the capabilities of ANNs and ML to furnish accurate,
insightful predictions for crop yields. Through this exploration, the overarching goal is to make a meaningful contribution
to the convergence of agriculture, artificial intelligence, and machine learning, with the ultimate objective of fostering a
more resilient, productive, and sustainable agricultural landscape.

The integration of Artificial Neural Networks (ANNs) and Machine Learning (ML) into the agricultural paradigm
signifies more than just a technological advancement; it represents a fundamental shift in how we perceive and address
the challenges within this vital sector. As agriculture remains a linchpin of the global economy and a bedrock for countless
rural communities, the imperative for innovative solutions is heightened.
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In the contemporary tapestry of agriculture interwoven with technological threads, the advent of Artificial Neural
Networks (ANNs) and Machine Learning (ML) signifies a watershed moment. These technologies do not merely
introduce tools into the farming landscape; they represent a fundamental shift in the approach to longstanding challenges.
With agriculture standing as a cornerstone of the global economic structure and a vital support for rural communities, the
quest for innovative solutions is more urgent than ever. This research embarks on a transformative journey, seeking to
synchronize the rich tapestry of traditional farming practices with the cutting-edge potential offered by ANNs and ML.
The research's focal point is to unlock the capabilities of these technologies, providing accurate, insightful, and future-
oriented predictions for crop yields. Through this exploration, the research aspires to make a substantive contribution to
the convergence of agriculture, artificial intelligence, and machine learning, with the ultimateaim of fostering a more
resilient, productive, and sustainable agricultural landscape.

Shifting from theoretical exploration to practical implementation, the research navigates the complex terrain of
developing a robust crop recommendation system. This system, grounded in the fusion of ANNs and ML, aspires to be
a beacon of innovation in agriculture. The subsequent sections meticulously detail the methodologies employed, the
experimental investigations conducted, and the results obtained, offering a holistic perspective on the tangible impact of
these technologies. The ultimate aim is not only to contribute valuable insights to the convergence of agriculture and
cutting-edgetechnologies but also to pave the way for practical applications that resonate with global food security
imperatives and the promotion of sustainable agricultural practices. The fusion of ANNs and ML technologies in a crop
recommendation system holds the potential to be a transformative force in the agricultural landscape, benefiting farmers
andstakeholders across the globe.

1. LITERATURE SURVEY
1) Evolution of Agriculture

The evolution of agriculture represents a journey marked by transformative milestones. Beginning with traditional
wisdom passed down through generations, agriculture transitioned into the era of mechanization, where manual labor
was augmented by machinery. The advent of the Green Revolution in the mid-20th century brought about a paradigm
shift, introducing high-yield crop varieties and modern agricultural techniques. In the current digital age, artificial
intelligence (Al) is catalyzing another profound transformation. This subsection provides a historical narrative, tracing
the trajectory of agriculture and setting the stage for the integration of Al into farming practices. In the context of Al-
driven agriculture, precision farming stands out as a key innovation. Through the use of sensors, GPS technology, and
data analytics, farmers can precisely manage their resources, such as water, fertilizers, and pesticides. This targeted
approach not only optimizes resource usage but also minimizes environmental impact. Crop monitoring, enabled by Al,
involves the use of satellite imagery, drones, and other technologies to assess crop health, identify diseases, and monitor
growth patterns. Predictive analytics, powered by machine learning algorithms, allows farmers to anticipate crop yields,
weather patterns, and market trends, enabling better-informeddecisionmaking.

2) Role of Al in Agriculture

The mid-20th century witnessed the advent of the Green Revolution, a pivotal period in agricultural history characterized
by the introduction of high-yield crop varieties, synthetic fertilizers, and pesticides. This revolutionary approach aimed
to address global food security concerns by significantly increasing crop yields, averting potential food shortages, and
sustaining the growing global population. However, the Green Revolution also raised environmental sustainability
concerns due to the extensive use of chemicals and monoculture practices, emphasizing the delicate balance between
productivity and ecological impact. the evolution of agriculture unfolds through various technological eras, from
traditional practices to mechanization and the Green Revolution. The current integration of artificial intelligence into
farming practices signifies a new chapter in this journey, offering unprecedented opportunities for increased efficiency,
sustainability, and innovation. As Al-driven technologies continue to advance, the agricultural landscape is poised for
further transformation, shaping the future of food production and global food security. This intersection of technology
and agriculture exemplifies the adaptability and resilience of the sector in addressing the challenges of each era.

3) Machine Learning Models in Crop Yield Prediction
The exploration of machine learning models in the context of crop yield prediction begins with foundational models like
linear regression. Linear regression serves as a crucial starting point, establishing a baseline for understanding

relationships between variables. By providing a fundamental understanding of linear relationships in data, linear
regression lays the groundwork for more sophisticated models that can capture complex dependencies within agricultural
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datasets. This foundational understanding becomes essential in unraveling the nuanced factors influencing crop vields. ,
the review of machine learning models in this section provides a comprehensive overview of their applications in crop
yield prediction. Beginning with foundational models like linear regression and progressing to advanced techniques such
as Random Forests and Support Vector Machines, the subsection highlights the versatility of these models in capturing
complex relationships and patterns within agricultural data. However, it also underscores the challenges associated with
data quality and accessibility, laying the groundwork for a more in-depth exploration of strategies to overcome these
obstacles in subsequent discussions.

4) Challenges and Opportunities

The implementation of Al in agriculture introduces a set of challenges that demand thoughtful consideration to ensure
the success and equitable impact of these technologies. Chief among these challenges are concerns related to data quality
and availability. The accuracy of predictions and recommendations generated by Al models relies heavily on the
reliability of the input data. Inaccurate or incomplete data can compromise the effectiveness of Al solutions, highlighting
the critical importance of addressing issues related to data quality in agricultural contexts. As we progress through the
subsequent sections of this research, the challenges and opportunities identified in this subsection will serve as a backdrop
for developing a robust crop recommendation system. By understanding the nuances of data-related challenges and access
disparities, the research aims to contribute not only to the theoretical advancement of Al in agriculture but also to the
practical implementation of inclusive and impactful solutions that benefit farmers globally. In navigating the complexities
of Al integration in agriculture, a holistic approach that combines technological innovation, policy support, and
community engagement will be essential for ensuring the sustainable and equitable adoption of Al in farming practices.

1. THEORETICAL ANALYSIS
1) Neural Networks in Agriculture

The theoretical foundation of neural networksin agriculture shedslight on their exceptional versatility, drawing parallels
with their successes in diverse domains such as image recognition, natural language processing, and fraud detection.
Inspired by theintricate architecture of the human brain, neural networks have proven to be dynamic computational
models with the capability to learn intricate patterns and relationships from vast datasets. This adaptability positions
neural networks as powerful tools for deciphering the complex relationships inherent in the agricultural landscape. Much
like their prowess in discerning patterns in images or understanding nuances in language, neural networks exhibit a unique
capability to navigate intricate interactions within agricultural data, encompassing variables such as weather patterns, soil
types, crop varieties, and quantities of fertilizers applied. Furthermore, the theoretical analysis delves into the specific
domains where neural networks can play a transformative role. From recognizing patterns in satellite imagery to
understanding the nuances of soil composition and predicting crop yields based on historical data, the adaptability of
neural networks is highlighted. The theoretical foundation establishes neural networks as more than mere computational
models; they are sophisticated tools with the potential to revolutionize agriculture by providing insights into the complex
relationships between environmental factors and crop outcomes. This adaptability and versatility form the bedrock of the
theoretical framework, setting the stage for practical applications that can redefine the landscape of agriculture through
the lens of artificial intelligence.

2) Architectural Considerations in Neural Network

In the realm of implementing neural networks in agriculture, the practical considerations are pivotal to the success of
these advanced computational models. One of the foundational prerequisites is the availability of extensive and
representative datasets. Agricultural datasets need to be comprehensive, covering a spectrum of information including
weather patterns, soil types, crop varieties, and fertilizer applications. The richness and diversity of the dataset are
paramount, enabling neural networks to effectively learn and generalize intricate patterns. Any inadequacy or bias in the
datasets may impede the network's capacity to capture the nuanced complexities inherent in the relationships within
agricultural data. Beyond considerations related to dataset quality, volume, and parameter tuning, the practical aspects
extend to the computational infrastructure supporting neural network training. The complexity of agricultural data and
the computational demands of training sophisticated neural networks necessitate robust hardware and efficient
algorithms. The practical success of implementing neural networks in agriculture hinges on a holistic approach that
addresses these considerations comprehensively. This ensures that the theoretical potential of neural networks translates
into tangible and accurate predictions in the dynamic and real-world scenarios of agricultural practices.s Delving deeper
into the theoretical analysis, this subsection explores the architectural considerations specific to implementing neural
networks in agriculture. It discusses the optimal network architectures for different aspects of agricultural data,
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considering factors such as input dimensionality, layer configurations, and activation functions. Understanding these
architectural nuances is crucial for maximizing the effectiveness of neural networks in capturing the intricacies of
agricultural systems.

3) Transfer Learning Applications in Agriculture

Transfer learning operates on the premise that models trained on large, diverse datasets can capture general features and
patterns that are transferable across different tasks. In the agricultural domain, where acquiring labeled data for specific
tasks can be challenging and resource-intensive, transfer learning emerges as a compelling approach. By pre- training
models on tasks with abundant data, such as image classification in non- agricultural contexts, and subsequently fine-
tuning them on agricultural data, neuralnetworks can effectively leverage existing knowledge to enhance their
performance in agriculturespecific tasks. The theoretical exploration also delves into the intricacies of how transfer
learning could be applied to agriculture, drawing parallels with successful implementations in domains like computer
vision and natural language processing. By transferring knowledge from models trained on tasks like object recognition
or language understanding, agricultural applications can benefit from the learned representations of features, thereby
overcoming data limitations and boosting predictive accuracy.

4) Explainability and Interpretability in Agricultural Neural Networks

The theoretical exploration of transparency and interpretability within the context of neural networks underscores the
critical importance of making these models more understandable for agricultural stakeholders. Despite the remarkable
capabilities of neuralnetworks, their intrinsic complexity often relegates them to the status of "black boxes," creating
challenges for end-users, particularly those without a deep technical background, 20 to comprehend the rationale behind
specific predictions. This theoretical investigation seeks to narrow this comprehension gap by elucidating techniques for
model interpretation, visualization of feature importance, and the development of explainable Alspecifically tailored for
the agricultural domain. Recognizing the centrality of interpretability, the theoretical foundation acknowledges that
gaining the trust of farmers, agronomists, and decision-makers hinges on transparent models. Transparent models instill
confidence by providing insights into the decisionmaking process, allowing stakeholders to grasp the factors influencing
predictions. Techniques such as feature importance analysis contribute to transparency by shedding light on which
variables significantly impact the model's predictions. This transparency is particularly crucial for users who lack
extensive technical knowledge but require actionable insights for making informed decisions in agriculture.

5) Ethical Considerations in Agricultural Neural Networks

Extending the theoretical analysis to ethical dimensions, this section delves into the responsible use of neural networks
in agriculture, contemplating issues that span data privacy, bias, and the potential societal impact of Al-driven farming
practices. Ethical considerations play a crucial role in shaping the landscape of Al adoption in agriculture, ensuring that
technological advancements align with ethical standards and contribute positively to sustainable and equitable
agricultural development. One paramount ethical concern revolves around data privacy. As neural networks rely on vast
datasets for training and optimization, ensuring the privacy of sensitive agricultural data is imperative. Farmers and
stakeholders entrust valuable information about their practices, crops, and land to these systems. A theoretical exploration
of data privacy considerations seeks to establish frameworks that safeguard this information, promoting responsible data
stewardship and preventing unauthorized access or misuse. Bias in Al algorithms is another critical ethical dimension to
be addressed. Neuralnetworks trained on historical data may perpetuate existing biases present in that data, leading to
discriminatory outcomes. In agriculture, biases can manifest in various ways, such as favoring specific crops or farming
practices over others. Theoretical considerations in this section aim to explore strategies for identifying and mitigating
bias,ensuring that Al-driven agricultural systems are fair, transparent, and unbiased, fostering an inclusive and equitable
environment for all stakeholders.

6) Future Trajectories of Neural Networks in Agriculture

In this forward-looking subsection, the theoretical analysis expands to envision the future trajectories of neural networks
inagriculture. It explores emerging trends, potential advancements, and the evolving role of neural networks in addressing
upcoming challenges. Anticipating the future developments of neural networks in agriculture provides valuable insights
for researchers, practitioners, and policymakers shaping the trajectory of Al in the agricultural landscape. One key aspect
of the future trajectory involves the continuous refinement and specialization of neural networks for agriculture. As
datasets become more extensive and diverse, there is a theoretical expectation that neural networks will evolve to become
even more adept at handling the intricate relationships within agricultural data.
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This could involve the development of specialized architectures tailored to specific agricultural 23 domains, resulting in
more accurate and efficient models. In conclusion, this forward-looking subsection of theoretical analysis envisions a
future where neural networks play a central role in shaping the agricultural landscape. Theoretical considerations extend
to the refinement of models, integration with other technologies, advancements in explainability, ethical dimensions,
sustainability, and the democratization of Al benefits. By exploring these future trajectories, the theoretical framework
contributes to a comprehensive understanding of the potential impacts and challenges associated with the continued
evolution of neural networks in agriculture.
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V. EXPERIMENTAL ANALYSIS
1) Data Collection

Furthermore, the careful integration of historical crop yields in the dataset allows neural network models to discern
patterns and trends in productivity over time. This historical perspective is crucial for understanding the cyclical nature
of agricultural outcomes, identifying factors that contribute to variations in crop yields across different temporal scales.
The long-term insights derived from historical data provide a valuable context for the neural networks to make predictions
that account for the impact of evolving agricultural practices and environmental conditions.

Moreover, the inclusion of weather patterns, soil characteristics, crop varieties, andfertilizer usage in the dataset fosters
a multidimensional understanding of the agricultural landscape. Weather patterns, including temperature, precipitation,
and humidity, are pivotal environmental factors influencing crop growth. Soil types contribute to nutrient availability,
crop varieties respond uniquely to diverse environmental conditions, and fertilizer usage directly impacts soil fertility.
This holistic approach ensures that the neural network models not only capture individual factors but also decipher the
intricate interdependencies among these variables, elevating the accuracy and robustness of predictions.
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Additionally, the richness of the dataset enables the neural network models to adapt and generalize to diverse agricultural
scenarios. The diverse variables, carefully curated from agricultural databases and meteorological APIs, create a training
environment that exposes the models to a wide spectrum of conditions. This adaptability is vital in ensuring that the
neural network models can perform effectively in various geographical locations, climates, and agricultural practices,
contributing to the versatility and applicability of the developed models.

In conclusion, the data collection process, encompassing historical crop yields, weather patterns, soil types, crop varieties,
and fertilizer usage, forms the bedrock for developing informed and adaptable neural network models in agriculture. The
inclusion of long-term historical perspectives, coupled with a multidimensional understanding of agricultural variables,
ensures that the neural network models are not only accurate but also capableof navigating the complexities of the
evolving agricultural landscape.
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Figure 2. Activity diagram
2) Data Preprocessing

In the preprocessing phase, meticulous attention is given to the collected data to ensure its cleanliness and suitability for
neural network training. This involves robust techniquesfor handling missing values, identifying and addressing outliers,
and normalizing the data. Missing values are carefully managed to prevent biases in model training, outliers are detected
and appropriately treated to maintain the integrity of the dataset, and normalization procedures are implemented to
standardize the feature scales. This rigorouspreprocessing ensures that the data fed into the neural network models is of
high quality, enhancing the models' capacity to learn and generalize patterns effectively during the training process.
Additionally, the normalization of data is crucial for ensuring that the neural network can effectively learn from all
features, regardless of their scales. Scaling features to a consistent range prevents certain variables from dominating the
learning process and ensures that the neural network can extract meaningful patterns from each input. Techniques like
Min-Max scaling or Z-score normalization are commonly employed, depending on the distribution and characteristics of
the data. In summary, this comprehensive preprocessing strategy is indispensable for optimizing the quality of the dataset
used to train neural network models. By addressing missing values, handling outliers, and normalizing the data, the
preprocessing phase lays a solid foundation for the models to extract meaningful insights and make accurate predictions
inthe context of agricultural data.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 401


https://ijarcce.com/
https://ijarcce.com/

IJARCCE ISSN (0) 2278-1021, ISSN (P) 2319-5940

International Journal of Advanced Research in Computer and Communication Engineering

Impact Factor 8.102 :: Peer-reviewed & Refereed journal :: Vol. 13, Issue 4, April 2024
DOI: 10.17148/IJARCCE.2024.13456

3) Data Augmentation

The utilization of data augmentation in the preprocessing phase is pivotal for mitigating potential limitations in the dataset
and enhancing its diversity. Various techniques, including image rotation, flipping, and zooming, are explored to
introduce variations into the dataset. By applying these augmentation strategies, the dataset becomes enriched with
diverse instances, providing the neural network models with a more comprehensive set of examples for training. This
augmentation not only aids in overcoming data scarcity but also contributes significantly to the models' robustness.

The augmented dataset plays a crucial role in improving the models' ability to generalize to different scenarios within the
agricultural domain. As the neural network encounters a broader spectrum of conditions through augmented data, it
becomes more adept at handling variations in factors such as weather patterns, soil types, and crop varieties.
Thisincreased diversity enables the models to capture a more comprehensive understanding ofthe intricate relationships
within the agricultural data. Moreover, data augmentation aligns with ethical considerations in Al by promoting fairness
and reducing bias. The diverse dataset ensures that the model is exposed to a representative range of examples, mitigating
the risk of bias toward specific demographic or environmental conditions.

This ethical dimension is critical in agricultural applications where equitable representation is essential for the responsible
deployment of Al-driven technologies. In conclusion, data augmentation is a multifaceted strategy that not only enhances
the diversity and robustness of neural network models but also addresses ethical considerations and contributes to
preventing overfitting. Its integration into thepreprocessing phase reinforces the adaptability of models to the
complexities of agriculture, fostering more accurate and fair predictions across diverse agricultural landscapes.

V. EXPERIMENTAL RESULTS
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VI. CONCLUSION

In conclusion, this research has shed light on the significant potential of neural networkbased systems to transform
agriculture. The thorough exploration of themethodology, from data collection to the development of a carefully designed
neural network architecture, has showcased the meticulous approach needed to harness the power of these advanced
technologies. The training process involving historical crop data, environmental factors, and real-time meteorological
information reflects the adaptability of the system to dynamic agricultural conditions. The outstanding accuracy rate of
95%, particularly with the Random Forest algorithm, underscores the practical implications of this research. The crop
suggestion system not only demonstrates technical prowess in leveraging neural networks for precise predictions but also
translates this into tangible benefits for farmers.

Accurate predictions for specific crops, soil suitability, and production outcomes provide farmers with a valuable
decision-making tool, contributing to more sustainable and efficient farming practices. Looking ahead, as the global
population continues to grow and environmental conditions become more unpredictable, the application of advanced
technologies like neural networks becomes increasingly critical in addressing the challenges faced by agriculture. The
research findings affirm that these systems have the potential to not only enhance accuracy in predicting crop yields but
also empower farmers with the knowledge needed to adapt to changing conditions and make decisions that contribute to
long-term agricultural sustainability.

Furthermore, the construction of a crop recommender system and the integration of realtime meteorological data offers
users with crucial information. Farmers can make educated crop selection decisions, whether they have a specific crop
in mind or are seeking ideas. The system's ability to identify the best timing for fertilizer application based on weather
forecasts increases its value even further In summary, this research represents a significant step forward in leveraging
neural networks for agriculture, promising a future where technology plays a central role in ensuring food security and
sustainable farming practices.

REFERENCES

[1]. Kumar, Y. Jeevan Nagendra, V. Spandana,V. S. Vaishnavi, K. Neha, and V.G. R.R. Devi."Supervised Machine
learning Approach for Crop Yield Prediction in AgricultureSector.” In 2020 5th InternationalConference on
Communication andElectronics Systems (ICCES), pp. 736-741. IEEE, 2020.

[2]. Nigam, Aruvansh, Saksham Garg, ArchitAgrawal, and Parul Agrawal. "Crop yieldprediction using machine
learningalgorithms." In 2019 Fifth InternationalConference on Image InformationProcessing (ICIHIP), pp. 125-130.
IEEE,20109.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 403


https://ijarcce.com/
https://ijarcce.com/

IJARCCE ISSN (0) 2278-1021, ISSN (P) 2319-5940

International Journal of Advanced Research in Computer and Communication Engineering

Impact Factor 8.102 :: Peer-reviewed & Refereed journal :: Vol. 13, Issue 4, April 2024
DOI: 10.17148/IJARCCE.2024.13456

[3]. Medar, Ramesh, Vijay S. Rajpurohit, andShweta Shweta. "Crop yield predictionusing machine learning techniques."
In2019 IEEE 5thinternational Conference for Convergence in Technology (12CT), pp.1-5. IEEE, 2019.

[4]. Jain, Sonal, and Dharavath Ramesh. "Machine Learning convergence for weather based crop selection.” In
2020 IEEEInternationalStudents'Conference on Electrical, ElectronicsandComputer Science (SCEECS), pp. 1-6.
IEEE, 2020Kalaiselvi, T., Arumugam, S., & Thangaraj, P. (2022). A comparative study of machine learning
algorithms in the diagnosis of type 2 diabetes. Journal of Clinical Informatics,18(2), 87-100.

[5]. Gandge, Yogesh. "A study on various datamining techniques for crop yield prediction." In 2017 International
Conference on Electrical, Electronics, Communication, Computer, and OptimizationTechniques(ICEECCOT),
pp.420-423. IEEE, 2017.

[6]. Suresh, A., P. Ganesh Kumar, and M. Ramalatha. "Prediction of major crop yields of Tamilnadu using K-means
andModified KNN." In 2018 3rd InternationalConference on Communication andElectronics Systems (ICCES), pp.
88-93. IEEE, 2018.

[7]. Kamatchi, S. Bangaru, and R. Parvathi."Improvement of Crop Production Using Recommender System by
WeatherForecasts.”" Procedia Computer Science 165 (2019): 724-732.

[8]. Bondre, Devdatta A., and Santosh Mahagaonkar. "Prediction of Crop Yield and Fertilizer Recommendation Using
Machine Learning Algorithms." International Journal of Engineering Applied Sciences and Technology 4, no. 5
(2019): 371-376.

[9]. Suresh, G., A. Senthil Kumar, S. Lekashri,and R. Manikandan. "Efficient Crop Yield Recommendation System
Using MachineLearning For Digital Farming."International Journal of ModernAgriculture 10, no. 1 (2021): 906-
914.

[10].  Pudumalar, S., E. Ramanujam, R. HarineRajashree, C. Kavya, T. Kiruthika, and J.Nisha. "Crop recommendation
system for precision agriculture.” In 2016 Eighth International Conference on Advanced Computing (ICoAC), pp.
32-36. IEEE, 2017.

[11].  Garanayak, Mamata, Goutam Sahu, SachiNandan Mohanty, and Alok KumarJagadev. "Agricultural
RecommendationSystem for Crops Using Different Machine Learning Regression Methods." International Journal
of Agricultural andEnvironmental Information Systems(lIJAEIS) 12, no. 1 (2021): 1-20.

[12].  Jejurkar Siddhi, S., S. Bhosale Meghna, andD. N. Wavhal. "Crop Predication and Diseases Detection Using
MachineLearning." (2021).

[13].  Rajak, Rohit Kumar, Ankit Pawar, Mitalee Pendke, Pooja Shinde, Suresh Rathod, and Avinash Devare. "Crop
recommendation system to maximize crop yield using machine learning technique." International Research Journal
of Engineering and Technology 4, no. 12 (2017): 950-953.

[14]. Pooja M C et al, —Implementation of Crop Yield Forecasting Using Data Mining, International Research
Journal of Engineering and Technology (IRJET),2018,p-1SSN: 2395-0072

[15].  Shruti Mishra, Priyanka Paygude, Snehal Chaudhary, Sonali Idate —Use of Data Mining in Crop Yield
Predictionl IEEE Xplore Compliant — Part Number:CFP18J06ART, ISBN:978-1-5386-0807-4; DVD
PartNumber:CFP18J06DVD , ISBN:978-15386-0806-7

[16]. K.E Eswari. L Vanitha. " Crop Yield Prediction in Tamil Nadu Using Baysian Network ", International Journal
of Intellectual Advancements and Research in Engineering Computations, Volume-6,Issue-2,ISSN: 2348-2079.

© 1JARCCE This work is licensed under a Creative Commons Attribution 4.0 International License 404


https://ijarcce.com/
https://ijarcce.com/

